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(exploitation ) » TR E EHY ST AIHIRE Z FsBESR (exploration ) « JEHEHY
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AL EEAUEEE B b (2B =ET ol Rk ) - #—(F
FFERRY A ek S KRB L& TIER » E&AE T 10 F5 751G EBIR
=N R EE R REE - B ERZTEE =R A A TPk &Y
NAE] s EFTHEL A FETRER v NEGE R ARG HAT I S - BRI
NFEINE 7 5E R ERE PR R B - E 2 INE2EEELF - FERAM
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PI(x) = P(f(x) = f(x1))

e <u(x) —f(x+)> 7
o(x)

Hrhxt = argmax, ey, f (%) /2 HATEHNEE B A 5 B IR R EUER
Mo FH BRI HE - #EidE F8 K /rEIRE (Brochu et al,
2010 ) » F DA OB EIF] - B ekt L R f () - B R B
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